Al &St (Department of Applied Arfificial Intelligence)
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1. A58 duty= A)~¥l(Intelligent embedded systems)
A5y 2R B AEFY A" AREEE ARM Z2AA G5 o]detal thekdt operating
mode®} exception mechanism2 ©]3|3tt. ARM ZZAA 9} o}t deld ol7|ex] 71479
dlole Ff R AAIR "WEAg 71l diste] g3t

2. 91 &A% EZ(dvanced Artificial Intelligence)
AFA T EokollA tlFHE il o]2& sh5sta MEZE &8 Weks &A%t = dHo|HE
g3 27 =L HRE SFoAel THH AIES A3 7|HE(self- SuperV1sed learning,

contrastive learning, low—shot learning, meta learning 5)¢] Huk2 ¢l WHES t}E3} S A,
maximum likelihood 7]%WFe] implicit/explicit A5 AA  7]EE(Auto-regressive, GAN,
variational method, diffusion—/energy-based model %)< 8}<53lt}.



. 13 7]A8E: o] 2(Advanced Machine Learning Theory)

35 B, AHolE 9 A HHE yHto g 3 5 FE¥ w9 sk v #a) w4
= A <53tk A A BAA 7 AS<s 71 (haive Bayes, SVM, kernel regression, HMM,
decision tree %), @& F= 7|¥(PCA, ED, SVD %), Zg]u #3d<5 o] &(MDP, Bellman
equation, MC, TD, SARSA, Q-learning 5)2. 25 A zta), HAlel & Roloa] o3t FJejz
AZENAS 3 2% function approximationo] H&% =% BAsty 83 £ Jr=E 3o

g daglE AA9E B4 (Advanced Algorithm Design and Analysis)

A A Hgo] HE s duEES sEd. A dugs, 994 duEs, AHEA
duElE B AR d3EE gz 3], 2] AW, 54 dugE gdH, e, 43
AL, 54 AgY, &8 dugE, Fela8 dudE, 7“—‘1‘ daulE, 4d dugE, ¢ e
&, 22 dugE, FAE dags ot i HX% o228 SAR dudF as4S &
YA ZH W B AL SHOA A gk

L 2gAA -2 2 AA(Operating Systems Architecture and Analysis)

AeAs Avl B Hufo]ze] 7] FGAA 2w A WR g2 5 A olEE Sudh o
F CPU A& 71w, 7Pdvine 3 = v @9 wAds, 9 A28 & olssha
GPU %2 NPUSH 22 o]F :ol7l EAH Al~dlo A QFAs Z2AA ] HHsta 8 7130

. £ E(Advanced Computer Vision)

o2 HE 3t 9 uAY ol FES 913 UL Vs 2 S8 AlEE g5t ol
of &ur F=435lE Xd g5 Y2 reasoning Hg ASANAY D HAH5 HA o] Ay HAE
Zx 2 HA9 thekdt 2D B $8 Eol(image/video translation, inpainting, harmonization,
pose estimation, panoptic segmentation )& H|ES 3D HHA EoKreenactment,
shape-from-x, neural rendering, NeRF %) 7]<& AdErt}, Es3|, H z2% 9=
self-attention/transformer 7%= &-&3F o= 24 5o fg)9 AFA7 %42 inductive bias
= wlo) 3] &5}

. & #HA A7 (Large-scale Parallel Processing)

Wy HFYe 72 9 AAH "—:‘T/‘éo olsetal theket WHAE VWY A A4 U 55
ghzsit). o] & vl o R 7t Y AFY FRAA g&Hom 4 5 e dudFy At W
HEo] tiaf W, hEZ = tﬂ%ﬂﬂlﬂ ¢l NVIDIA processors®} CUDAS} & & 1n
ETES AMEeE HEAE 2oy st szt
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. A% E 10T "oy ¥4 (Intelligent IoT Data Analysis)

AFE QI Y 5&7301]"1 SR E g A ol Ee 548 oldllal o] & A4 VIHES
2 AlA HolEHES 45t tlolHES TFsl HE Pt dEste T3 22 284 A
2 dolg w3 7IHEd vl shEat, O deolrt AFEJE Y A He ST Ee] VM=
EHES o3t EHJL Zel g dugEEo] e &3

. A% 8 dEn o] E&(Special Topics in Intelligent Multimedia)

A4, A, AAANZE 59 multi-modalityE 283 X" HEn o] AsAge] 7]E o2 A
S&AM StES R gt 1D 9 2D AE AHER FA% JEE o]&& s, At T
ZF A A 71Rkek HEJR T o] AH| 22 F5 Abde] #3)] FH-gE oyl A 2 NS WA Qe
A5 7= F3E ASE Hev|to] Mgl gl #eto] dotri, vge Fulxd &8
T AE &8 YL wgsy



TFE 2k okl M deA s g8 S A MuAE Agstel wel o Aol &8
= AeAse ol ek ola gt 7= okt e AT Vs % AtdE ANFeEA
TAs Al=Ee dejet 54S gofetal v Eokell §8/489 Al 7|EES ST Al
28 okl Al 28317] A 8-S g
11.AZES Y o}7]8l4 A (Software Architecture Design)

it B Az Eg o] AAuS AFdor islr] Yare Aare A4 22
Bl A Esjo] op7|9AE AAsta Frtshe Aol Aol o] #Eef Fasde 53
g 2z EO] AlxEe) of  FHAS AAsta Frbety] f1E i R 7S 7FEA AL oA F

o zx SEe] AZESo] Al2E] TR A of7|8A 7| ES 48T 5 Al skl Utk

12.AI7 A £ F3}5 E(International Standards for Artificial Intelligence)
lFAT BT LAVES shEsta, AFAFT EFE3H]R¢l ITU-T, ISO/IEC JTC1 SC42,
Khronos NNEF, ONNX &
TA TS IdF sl Tod xFe A4 ¢ Ues F5IL

13. =9 (M AH(Thesis Research)
AF FAE AZuwget 44e & AT YES 3 =85 Fste s
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